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Filename

Error (5 guesses)

Description

SuperVision

test-preds-141-146.2009-131-
137-145-146.2011-1451.

0.15315

Using extra training data
from ImageNet Fall 2011
release

SuperVision

test-preds-131-137-145-135-
145f.ixt

0.16422

Using only supplied
training data

Lot =

IS

pred_FVs_weighted.ixt

b
/ V7210

0.26602

¥l
eighted sum of scores

from classifiers using
each FV.

ISI

pred_FVs_summed.txt

0.26646

Naive sum of scores
from classifiers using
each FV.

ISI

pred_FVs_wLACs_summed.ixt

0.26952

Naive sum of scores
from each classifier with
SIFT+FV, LBP+FV,
GIST+FV, and
CSIFT+FV, respectively.

OXFORD_VGG

test_adhocmix_classification.tx
t

0.26979

Mixed selection from
High-Level SVM scores
and Baseline Scores,
decision is performed by
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Before { Imagenet 2011 winner (not CNN) 25.7%
—
Imagenet 2012 winner 16.4% (Krizhesvky et al.)
Imagenet 2013 winner 11.7% (Zeiler/Clarifai)
Imagenet 2014 winner 6.7% (GooglLeNet)
After == Baidu Arxiv paper:2015/1/3 6.0%
Human: Andrej Karpathy 5.1%
MS Research Arxiv paper: 2015/2/6 4.9%
Google Arxiv paper: 2015/3/2 4.8%
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F. Schroff et. al: FaceNet: A Unified Embedding for Face Recognition and Clustering, 2015
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F. Schroff et. al: FaceNet: A Unified Embedding for Face Recognition and Clustering, 2015
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False reject
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F. Schroff et. al: FaceNet: A Unified Embedding for Face Recognition and Clustering, 2015
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invariance to occlusion, lightling, pose, age.

F. Schroff et. al: FaceNet: A Unified Embedding for Face Recognition and Clustering, 2015
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Video courtesy of UC Berkeley Robot Learning Lab, edited by Phil Ebiner
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